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Fig. S1. Results of our algorithm on the Oxford affine dataset [12]–the subset of “Bikes” (700 × 1000 pixels): alignment of the last image
(i.e., the most distorted one: worst case) of each of the three subsets with the first image.
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Fig. S2. Results of our algorithm on the Oxford affine dataset [12]–the subset of “Trees” (700 × 1000 pixels): alignment of the last image
(i.e., the most distorted one: worst case) of each of the three subsets with the first image. Although the SalC of the MIRT algorithm is much
larger than that of the ground-truth, the large parsimony indicates that the displacement is incorrect.
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Fig. S3. Results of our algorithm on the Oxford affine dataset [12]–the subset of “Leuven” (600 × 900 pixels): alignment of the last image
(i.e., the most distorted one: worst case) of each of the three subsets with the first image.
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Fig. S4. Registration of real images (960 × 1280 pixels) that have undergone large rotation and scaling, using different algorithms (expanded
from Fig. 8).
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Fig. S5. Registration of real images (1440 × 1080 pixels) corrupted by blurring, using different algorithms (expanded from Fig. 9). In order
to better visualise the misalignments, we outline them on the feature images.
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Fig. S6. Registration of multimodal satellite images (960 × 1280 pixels): overlay of the salient features (lower three rows) resulting
from different algorithms (expanded from Fig. 11). The target and source images (top row) are the near-infrared and green channel of a
multispectral image taken from the dataset (https://www.sensefly.com/education/datasets/).
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