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Fig. S1. Results of our algorithm on the Oxford affine dataset [12]—the subset of “Bikes” (700 x 1000 pixels): alignment of the last image
(i.e., the most distorted one: worst case) of each of the three subsets with the first image.
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Fig. S2. Results of our algorithm on the Oxford affine dataset [12]-the subset of “Trees” (700 x 1000 pixels): alignment of the last image
(i.e., the most distorted one: worst case) of each of the three subsets with the first image. Although the SalC of the MIRT algorithm is much
larger than that of the ground-truth, the large parsimony indicates that the displacement is incorrect.
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Fig. S3. Results of our algorithm on the Oxford affine dataset [12]-the subset of “Leuven” (600 x 900 pixels): alignment of the last image
(i.e., the most distorted one: worst case) of each of the three subsets with the first image.

(9]
(10]
(11]

(12]

S. Periaswamy and H. Farid, “Elastic registration in the presence of intensity variations,” IEEE Transactions on Medical Imaging,
vol. 22, pp. 865-874, 2003.

C. Liu, J. Yuen, and A. Torralba, “SIFT flow: Dense correspondence across scenes and its applications,” IEEE Transactions on Pattern
Analysis and Machine Intelligence, vol. 33, no. 5, pp. 978-994, 2011.

S. Klein, M. Staring, K. Murphy, M. A. Viergever, and J. P. Pluim, “Elastix: a toolbox for intensity-based medical image registration,”
IEEE Transactions on Medical Imaging, vol. 29, no. 1, pp. 196-205, 2010.

K. Mikolajczyk, T. Tuytelaars, C. Schmid, A. Zisserman, J. Matas, F. Schaffalitzky, T. Kadir, and L. Van Gool, “A comparison of affine
region detectors,” International Journal of Computer Vision, vol. 65, no. 1-2, pp. 43-72, 2005.



ZHANG et al.: SUPPLEMENTARY MATERIAL 4

source target & source

SalC:11%

SelFlow [1] ~ BCC[] ~ NTG[3] ~ LAFP[4]

SalC: 16%, Pars: 3.44 SalC: 39%, Pars: 1.04 SalC: 20%, Pars: 0.76 SalC: 55%, Pars: 0.91
Time: 8.6 Time: 40.3s Time: 21.1s Time: 1464.4s
LAP [5] Demons [6] MIRT [7] bUnwarpJ [8]

SalC: 64%, Pars: 1.02
Time: 48.8s Time: 11.2s Time: 85.6s Time: 25.3s

SalC: 12%, Pars: 1.50

SalC: 17%, Pars: 7.85 SalC: 25%, Pars: 0.97

GIT [9] SIFT flow [10] Elastix [11]

this paper

SalC: 37%, Pars: 1.31
Time: 1766.9 s

Fig. S4. Registration of real images (960 x 1280 pixels) that have undergone large rotation and scaling, using different algorithms (expanded
from Fig. 8).
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Fig. S5. Registration of real images (1440 x 1080 pixels) corrupted by blurring, using different algorithms (expanded from Fig. 9). In order
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Fig. S6. Registration of multimodal satellite images (960 x 1280 pixels): overlay of the salient features (lower three rows) resulting
from different algorithms (expanded from Fig. 11). The target and source images (top row) are the near-infrared and green channel of a
multispectral image taken from the dataset (https://www.sensefly.com/education/datasets/).
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